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Abstract

This study examines how generative branding systems transform the role of the graphic designer from an
implementer of artifacts to an architect and steward of adaptive identity systems. The study used a hybrid research
methodology combining a systematic and a case study approach, drawing on peer-reviewed articles and case studies
of Coca-Cola, L’Oréal, and Canva, and using PRISMA for a systematic review (2020-2025). The results demonstrate
three paradigm shifts: creativity shifts towards rule-set design, data is identified as a central design material, and
branding becomes coherent variability rather than fixed consistency. These systems offer the benefits of scalability,
personalization, and innovation. Still, they also present issues of homogenization, loss of authorship, and ethical
hazards, and they demand new curatorial, technical, and moral skills.
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1. INTRODUCTION

The modern digital media environment has become the most dynamic in history, with the demands
of consumers of real-time, personalized engagement changing the paradigm of brand-relationship
fundamentally. Modern consumers do not want a brand to exist solely in their digital world; they want
the brand to act, respond, and be a truly valuable member of their digital ecosystem (Emplifi, 2025;
Hutchinson, 2025). Recent research shows that 35 percent of consumers treat a brand response on social
media as an hourly expectation, and 46 percent will drop a brand after only two negative experiences,
pointing to a condition in which stagnant, monolithic brand identities are becoming increasingly
inadequate (Emplifi, 2025). this regard, traditional corporate identity systems, which usually follow
inertial style manuals that guarantee consistency across print and broadcast media, find it difficult to
remain relevant and semantically rich (Yang, 2020). These constraints of these classic systems, such as
limited use capabilities, inconsistency in the face of rapidly changing media, and lack of customization,
present a disconnect between the design frameworks of the twentieth century and communicative needs
in the twenty-first century (Abah and Nonyelum, 2024).

Generative design has become a paradigm entry point at the intersection of information, procedural
processes, and visual expression in response to this paradigm shift. Although conventional branding is all
about developing finite artifacts, generative design is about developing systems and rules that generate a
spectrum of adaptive outcomes on their own (Hughes, Zhu, and Bednarz, 2021). The approach is a key
development for the designer, from an isolated writer to a system architect (Fleischmann, 2024). The
scholarly discourse about this convergence, however, is still in its infancy. Classical literature on corporate
identity attributes the criticality of consistency but fails to explain algorithmic variability (Dubberly, 2025).
Likewise, as new conversations turn towards dynamic identities and adaptive marketing, characterized by
a data-driven approach to changing strategies on the fly, the literature on the topic does not offer a unified
framework for integrating generative methodologies into the core branding strategy (Behare et al., 2024).
Moreover, the systematic reviews of related topics, including health-related and personal branding,
uphold the effectiveness of strategic identity systems but fall short of discussing the computational tasks
that might fuel them (Gorbatov, Khapova, and Lysova, 2018).

This exposes a major research gap: there is no theoretical model that specifically examines the deep
implications of the graphic designer's role in such co-creative human-machine systems. The shift between
being the implementer of visual outputs and the architect and curator of a generative system is a crucial
change in agency and responsibility that has been crucially understudied (Yang et al., 2025). With the
advent of generative artificial intelligence poised to transform design education and practice, the need to
conceptualize this new curatorial supervisory role is urgent.

This study examines how generative design principles are used in contemporary branding practices.
The study suggests a reconceptualization of the role of graphic designer as a unique performer of visual
artifacts to a system architect and curator of adaptable branding systems. It entails setting the conditions
for this new position and establishing a framework for how the designer will continue to exercise
curatorial oversight over generative processes.

2. METHOD AND MATERIALS

The PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses) was used to
conduct this research and ensure a transparent, reproducible, and rigorous process (Parums, 2021). The
research methodology was structured to be sensitive, and as many relevant studies as reasonable were
retrieved.
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Selection Criteria and Search Strategy

To avoid selection bias (Amir-Behghadami and Janati, 2020), the study set out its rules for picking
studies ahead of time, using the PICO framework (Population, Intervention, Comparator, Outcomes), as
shown in Table 1:

Table 1

Inclusion and Exclusion Criteria

Category Inclusion Criteria Exclusion Criteria

Population Corporate/brand  identity in  commercial or Personal branding or artistic identities
institutional contexts

Intervention | Generative/algorithmic design in visual identity Static design tools without generative

logic

Comparator Traditional design vs. generative system output No comparative element

Outcomes Designer role, workflow, agency, adaptability, and No discussion of process or practitioner
personalisation

Study Case studies, empirical research, peer-reviewed Opinion pieces, blogs, and purely

Designs articles technical papers

Time Frame 2014-2024 Before 2014

Language English Non-English

Table 2 details how the search strategy was created using pilot searches and term harvesting. The last
approach involved restricting vocabulary (e.g., Thesaurus words) and free-text keywords with Boolean
operators to maximize coverage (Gross, Taylor, and Joudrey, 2014). The search was conducted across the
following databases in September 2024.

Table 2
Search Strategy
Database Search Query (Example)
Scopus ("generative design" OR "algorithmic design") AND (brand* OR "corporate/visual identity") AND
("designer role" OR curator OR "system architect")
Web of | ("generative design" OR "procedural design") AND ("brand/dynamic identity") AND (co-creation
Science OR "human-machine collaboration")
ACM DL Title: "generative branding" OR Abstract: ("algorithmic" AND "brand system")
DAAI (Generative OR parametric) AND (Branding OR Corporate Identity) AND (Graphic designer)

Data Management and Selection Process

The search results were gathered in Covidence, where duplicates were automatically eliminated and
manually verified (McKeown and Mir, 2021). Two independent reviewers were involved in the study
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selection, which entailed a two-stage screening process: titles/abstracts followed by full-text review (Stoll
et al., 2021). Any disagreements were to be settled by discussion or a third reviewer. A piloted extraction
form was used to get the design, methods, findings, and limitations. The quality of studies was assessed
using tools such as CASP, which evaluates qualitative research (Long, French, and Brooks, 2020).

3. RESULTS

Studies Summary

Table 3

Selected Studies Summary

Study (Author,
Year)

Core Technical &
Conceptual Components

Shifting Agency & Designer
Responsibilities

Key Benefits & Challenges

De Luca, M. (2024)

Deregibus, C.
(2025)

Kutanova, D.
(2025)

Li, J. et al. (2024)

Manavis, A. et al.
(2022)

Sdrmdikari, N. &
Vanska, A. (2022)

Rules: ML system for
semantic alignment.
Inputs: Biased, designer-
curated datasets.

Outputs: Technical/semanti
c feedback.

Rules: Text-to-image
generation (e.g.,
Midjourney).

Outputs: Generated images.

Inputs: Natural language
prompts.

Rules: Neural network for
design solutions.

Inputs: Company info;
designer parameters.
Outputs: Logos, colour
schemes, 3D models

Rules: Automates repetitive
tasks (e.g., wireframes).
Inputs: Design briefs;
human-created work.
Outputs: Summaries,
wireframes, Ul inspirations.
Rules: Computational Brand
Identity (CbVBI)
methodology.

Inputs: User-defined
parameters (dimensions,
colours).

Outputs: Automated
product variations.

Rules: Garment Information
Modelling (GIM) graphs.
Inputs: Algorithms, data,
designer's tacit knowledge.
Outputs: Generated
garment designs; 3D
simulations.

Designer's Role: Art director;
curates datasets.

Machine's Role: Augments
decision-making; automates
tasks.

Designer's Role: Prompt
writer; holistic master.
Machine's Role: Swift visual
generator.

Designer's Role: Author and
curator of concepts.
Machine's Role: Technical
executor.

Designer's Role: Final arbiter;
validator of Al output.
Machine's Role: Assistant for
repetitive tasks.

Designer's Role: System
architect; defines
parameters.

Machine's Role: Full
automation of generation.

Designer's Role: Cyborg
collaborator; modifies GIM
graphs.

Machine's Role: Calculates fit
and lay plans automatically.

Benefits: Augments creative phases.
Challenges: Risk of homogenization;
semantic gap.

Benefits: Accelerates drafting;
enhances branding.

Challenges: Ambiguity of authorship;
flattering trends.

Benefits: Unprecedented speed and
scalability.

Challenges: Authorship ambiguity;
lacks cultural depth.

Benefits: Significant productivity
gains.

Challenges: Skill degradation risk;
output homogenization.

Benefits: Massive time savings;
enables mass customisation.
Challenges: Gap in integrating
branding with technical rules.

Benefits: Enables 'form-finding';
preserves company DNA.
Challenges: Risks of
oversimplification of design work.
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Celik, T. & Ergin, E.
A. (2025)

Coca-Cola "Create
Real Magic"
(2025)

L'Oréal (2025)

Stitch Fix (2025)

Canva's Magic
Studio (2025)

Autodesk
Generative Design
(2025)

Rules: Text-to-image and
image-to-image generation.
Inputs: Text prompts; brand
logo images.

Outputs: Architectural
forms and renderings.

Rules: Generative Al
platform (ChatGPT, DALL-E
2).

Inputs: Brand assets (bottle,
colours); user prompts.
Outputs: User-generated
artwork for campaigns.
Rules: Al for product
innovation & content
creation.

Inputs: Scientific research,
consumer data, trends.
Outputs: New formulas,
multilingual marketing
content.

Rules: Natural Language
Generation (NLG) models.
Inputs: Stylist notes, user
preferences, behaviour
data.

Outputs: Personalised style
recommendation notes.

Rules: Integrated Al suite
(Magic Write, Magic
Design).

Inputs: User text prompts or
uploaded assets.

Outputs: Complete designs,
text, and edited images.
Rules: Performance-driven
generative algorithms.
Inputs: Design goals,
constraints, materials.
Outputs: Thousands of
optimised design
alternatives.

Designer's Role: Evaluator
and curator of Al output.
Machine's

Role: Methodological tool;
generates concepts.

Designer's Role: Platform
architect; campaign curator.
Machine's Role: Co-creation
enabler at scale.

Designer's Role: Strategic
director; data interpreter.
Machine's Role: Rapid
ideation and localisation tool.

Designer's Role: Human
curator; Al trainer.
Machine's Role: Automates
personalisation at scale.

Designer's Role: System and
template designer.

Machine's

Role: Democratizes design for
non-experts.

Designer's Role: Constraint
and goal setter.

Machine's Role: Exploratory
partner for optimal solutions.

Benefits: Accelerates creative
process; inspires innovation.
Challenges: Inconsistent Al
capabilities; quality variability.

Benefits: Global audience
engagement; positions brand as tech-
forward.

Challenges: Managing brand
consistency with crowd-sourced
content.

Benefits: 60% faster content
development; hyper-personalisation.
Challenges: Ensuring ethical and
transparent Al use.

Benefits: 50% reduction in stylist
content time; maintains personal
touch.

Challenges: Balancing algorithmic
suggestions with human empathy.

Benefits: Empowers non-designers;
significantly increases task speed.
Challenges: Redefining professional
designer value in an automated
space.

Benefits: Creates efficient,
sustainable, and innovative product
forms.

Challenges: Requires designers to
think in parameters, not

4. Findings

The evaluation of modern generative systems in graphic, architectural, and product design reveals
three critical shifts regarding the control of creativity, the input into design, and the structure of output.

4.1. Finding 1: Design of the Ruleset is the Primary Creative Act:

The fundamental creative task does not include the manual production of the final images, but
delineates the requirements, the parameters, and the algorithms with which the system will work
(Kutanova, 2025; Schnitzer, 2021). This transition emphasizes rule generation (form-finding) rather than
form-making (Peeters, 2016; Sdrméakari and Vanska, 2022). The designer becomes an author and director,
indicating specific parameters and conditions of machine performance. Empirical studies show that
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designers can codify branding criteria into design rules (Manavis et al., 2022; Manavis and Kyratsis, 2021).
For example, Autodesk Generative Design asks designers to specify desired goals and constraints, thereby
generating thousands of valid options (Autodesk, 2025). Similarly, Canva's Magic Studio exemplifies this
transition, where designers create templates and frameworks that enable user-generated designs (Canva,
2025).

4.2. Finding 2: External Data as a Fundamental Design Input:

The use of external, dynamic information to power identity variations is becoming increasingly
common in generative systems and no longer relies on fixed assets (De Luco, 2024). Machine-learning
programs customize content based on a user's preferences or interactions. Stitch Fix uses customer data
and preferences to create individual style suggestions using its artificial intelligence (Stitch Fix, 2025).
Moreover, L'Oréal uses consumer data and science to feed Al-based product ideas and customized
marketing information (L’Oréal, 2025). These examples show how information becomes a fundamental
offering in branding innovation.

4.3. Finding 3: Generation of Coherent Visual Families, Not Single Artifacts:

The creation of a variety of systematically related but novel outputs is one of the main roles of
generative systems (Kutanova, 2025; Manavis, Kakoulis, and Kyratsis, 2023). This functionality helps in
efficiency, scalability, and mass customization (De Luco, 2024; Manavis and Kyratsis, 2021). The Coca-Cola
campaign Create Real Magic is an illustration of this tendency, as one Al platform produced an infinite
number of individual artworks that were in coherent harmony with the brand (Coca-Cola, 2025). The
result, therefore, is alternative forms within a holistic brand identity and not independent images.

5. DISCUSSION

This paper presents radical changes in graphic design during generative branding. The results show
that generative Al represents a shift in artifact execution from a rule-based system architecture to one
that increases efficiency and scalability but also leads to the loss of designer skills through excessive
dependence on automation (Li et al., 2024). This transition can suppress practical skills, as Al will perform
repetitive tasks, perhaps homogenizing results without strong human supervision (Mirzaei, 2025).

Also, the research finds that Al reimagines data as a fundamental design input, co-creating responsive
identities but also introducing biases in training datasets that can support inequities or cultural
insensitivities (Al-Kfairy et al., 2024). Lastly, the research recommends logical variability rather than
absolute consistency, which would allow customization, but too many variants can weaken brand identity
and confuse consumers in dynamic online worlds (Rapp et al., 2025).

These findings contrast with Olins's (1989) insistence on unchanging consistency, which fails to account
for algorithmic formability in modern realities (Alotaibi, 2025). Conversely, the concept of coherent
variability aligns well with recent theories of Al-augmented design, where generative tools complement
ideation initiatives that require the development of new skills, such as fast engineering (Thoring et al.,
2023). This development redefines the designer as an architect (system builder), a data picker (data
selector), and an output refiner (curator), enabling human-Al synergy. However, this position is likely to
lose creative control if Al biases or constraints predominate, and ethical frameworks are needed to protect
originality (Peldez et al., 2025). Future studies must empirically examine audience reactions to generative
brands (Gual-Orti et al., 2025) and explore ethical issues, such as intellectual property concerns in Al-
driven generation (Al-Busaidi et al., 2024).
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6. CONCLUSION

This study shows that generative branding systems essentially reinvent the role of the graphic designer,
positioning it more as a curator than an executor, as a system architect rather than a creator.
Characterized by Al and data, this movement enables the creation of identities on a scale and with a
responsiveness not previously possible, but it also raises issues such as the homogenization of output, the
absence of authorship, and ethical bias. Designers can use Al to drive innovation without losing creative
authority by assuming the role of architect, catalyst, and curator. Learning about immediate engineering
and ethical management should be a priority for future practice to reduce risks and eventually deliver
more active brand-consumer relations in digital ecosystems.

7. RECOMMENDATION AND FUTURE DIRECTIONS

The current research proposes that computational thinking, coding, data literacy, and ethical Al should
be incorporated into design teaching to help students become more creative and collaborative. In
practice, studios have to prototype generative tools, make the workflow transparent, and experiment
with models focused on curating systems. The studies are supposed to create effectiveness metrics, solve
bias, and conduct longitudinal research on the adoption of generative branding.
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