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Abstract  

This study aimed to critically assess the translation quality of Fastdic Translator, a domestic machine translation, using Wilss’s (1982) matrix, 
which evaluates syntax, semantics, and pragmatics, to identify the system’s strengths and weaknesses. Additionally, ChatGPT was utilized 
to determine if the translations generated by Fastdic Translator required post-editing and to assess whether ChatGPT could serve as a 
reliable AI tool for translators and end-users, potentially replacing human editors. The research involved a translation test of 80 sentences, 
chosen from Mistrík’s (1997) text type classifications, including narrative, descriptive, and argumentative styles, with idiomatic expressions 
added by the researcher. Fastdic Translator first translated these sentences from English into Persian. Both the original English text and the 
Persian translations were provided to evaluators, who evaluated the translation quality using a Likert-scale questionnaire. The results 
indicated that while Fastdic Translator produced grammatically sound Persian translations, there were occasional issues with subject-verb 
agreement, especially in more complex sentences. Semantically, the translations were generally accurate. However, in the pragmatic 
evaluation, the system struggled, particularly with idiomatic expressions and implied meanings, producing inappropriate translations. The 
findings also revealed that post-editing with ChatGPT significantly improved the translations by correcting errors and better conveying the 
intended meaning while ensuring grammatical accuracy. Therefore, ChatGPT can be seen as a powerful and reliable AI editor for both end-
users and translators. 
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1. INTRODUCTION  

Machine translation (MT) is a type of natural language processing software that enables automatic translation 
between different languages on a computer. Essentially, it provides translators with the tools to use translation 
software effectively (Abdi, 2020). MT is not merely about replacing words by word; it operates based on linguistic 
rules derived from the Rule-Based Machine Translation approach. According to Zakaryia (2020), it also 
incorporates statistical models from the Statistical-Based Machine Translation approach, allowing for translations 
generated from established electronic corpora. This capability enables MT to offer users translations of a variety 
of texts.   

Historically, access to MT was prohibitively expensive for many translators. Consequently, online MT services 
like Google Translate emerged, providing free access to translators. These online tools were embraced by the 
translation community for their ability to save time and lower translation costs, as noted by Abdi (2021a). 
Recently, Iranian developers have introduced domestic MT systems to fill this gap and attract Persian language 
users to local products. This development has resulted in the launch of several local MT options, including 
Targoman Translator, Abadis Translator, and Fastdic Translator, which are available for both free and paid use, 
depending on the number of words being translated. A critical question arises whether these local MTs produce 
high-quality translations to compete with famous MTs like Google Translator and Microsoft Bing Translator.  

When considering translation quality, the main concern is how this crucial characteristic can be evaluated. 
House (1997) suggests that translation quality assessment (TQA) has been a significant concern throughout the 
history of translation studies. This may stem from the absence of universally accepted criteria for evaluating 
translations. The same issue persists in the realm of MT quality assessment, where no unique or general criteria 
exist for either automated or human evaluation. One straightforward approach to addressing this challenge is to 
assess a range of translations produced by various types of MT systems across different fields, such as economics 
and literature, using existing models and frameworks. This process can help establish general criteria for 
evaluating MT quality. 

Wilss (1982) introduced a matrix for evaluating translations based on three critical dimensions: syntax, 
semantics, and pragmatics. While he regards this matrix as preliminary, it provides valuable insights for developing 
methodologies for human translation assessment. The matrix enables evaluators to analyze translations from 
various perspectives: syntactic analysis examines grammatical structure, semantic analysis investigates word 
meanings, and pragmatic analysis considers implied meanings within context. Therefore, Wilss’s matrix serves as 
a useful tool for formulating practical methodologies in translation research, combining both descriptive and 
evaluative components. 

In this study, Wilss’s (1982) matrix is employed to assess Fastdic Translator by analyzing its syntactic, semantic, 
and pragmatic attributes to highlight its strengths and weaknesses. The aim is to assist developers in enhancing 
the tool by addressing its shortcomings and leveraging its strengths. Additionally, ChatGPT was used to determine 
whether the output from Fastdic Translator requires post-editing and to evaluate if ChatGPT could effectively 
serve as a substitute for human editors for both users and translators. 

This study is part of a research project aimed at assessing the performance of Iranian software developers in 
creating local MT tools, such as Targoman Translator, Abadis Translator, and Fastdic Translator, with an emphasis 
on their quality and the necessity for post-editing. To achieve the objectives of the present study the following 
questions are raised: 

1. What was the output quality of Fastdic Translator in terms of syntax, semantics, and pragmatics according 
to Wilss’ (1982) matrix? 
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2. Was ChatGPT deemed a reliable and valid online AI editor for end-users and translators, potentially 
replacing human editors? 

This study is important because it focuses on developing localized tools that meet specific linguistic and cultural 
needs for Persian language MT systems. Persian-speaking users can benefit from MT tools that consider the 
unique aspects of their language instead of relying on global systems that may miss these nuances. The current 
study also explores whether ChatGPT is an effective tool for post-editing. This is crucial as it addresses the 
increasing use of AI in professional translation and assesses if these systems can reduce the need for human 
intervention.  

If ChatGPT proves to be a reliable editor, it could change translation workflows by saving time and money in 
post-editing machine-generated translations. The results of this study could help Iranian MT developers improve 
the quality of their translations, especially in syntax, semantics, and pragmatics. The findings would also benefit 
Persian-speaking users who need translations for personal, academic, or business purposes by offering better 
localized MT tools. If local MTs perform well, users can trust these tools for reliable translations in everyday 
situations. 

Furthermore, translators who use MT tools will gain a better understanding of how dependable local systems 
like Fastdic Translator are and how much post-editing they require. If the study shows that MT systems can 
produce high-quality translations with minimal edits, translators may find these tools useful for saving time and 
increasing efficiency in their work. 

2. Review of the Related Literature 

2.1. Methods of MT Evaluation 

MT evaluation aims to assess the quality of MT output to identify its strengths and weaknesses for end users. 
Generally, there are two main types of MT evaluation: automated and human evaluations. Automated evaluation 
assesses the quality of MT output using metrics and references created by human translators, without human 
involvement in the assessment process. Common metrics like NIST and BLEU are used for this purpose, and 
Banerjee and Lavie (2005) suggest that the choice of metrics should depend on the specific goals of the evaluation.  

Automated evaluation offers several benefits. Philipp (2007) outlines these as being fast and inexpensive, 
requiring no bilingual speakers, involving minimal human labor, and allowing continuous testing during system 
development. However, despite these advantages, automated evaluation has significant drawbacks that can 
impact the accuracy of quality assessment. Its primary limitation is that it focuses on word matching rather than 
meaning. Additionally, automated metrics are limited in evaluating the semantic and pragmatic aspects of 
translation, making human evaluation essential for obtaining reliable results, as Escribe (2019) highlights. 

Human evaluation, on the other hand, involves professional translators assessing MT output. Pospelova and 
Rowda (2016) regard human evaluation as an essential method for MT quality assessment, even though there is 
no consensus on the best approach. Callison-Burch et al. (2007) argue that human evaluation is a more 
authoritative alternative to automated evaluation, noting the significant differences in results between the two 
methods and the higher inter-annotator agreement in human evaluations. For these reasons, the present study 
used human evaluation to assess the output quality of Fastdic Translator. 

2.2. Fastdic Translator 

Fastdic began its operations in 2006 with the launch of a website, later expanding by offering iOS (iPhone, iPad) 
and Android apps to create a more user-friendly experience. The dictionary includes over 250,000 words and 
thousands of sentence examples, with new words added daily by Fastdic’s experienced editorial team. With more 
than two million active users across its website and apps, Fastdic continues to enhance the quality of its English 
and Persian content, as well as adding practical features and tools to provide a better user experience. 
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Available to end-users for over a decade, Fastdic has earned numerous awards, including the Best Website 
award at the 12th, 13th, and 14th Iran Web and Mobile Festival, Best Software in the Books and References 
category based on public votes, and Best iOS Software at the Iran Web Festival (iOS category) 
(https://fastdic.com). 

2.3. Wilss’ Matrix for MT Evaluation 
 

Wilss (1982) developed a framework called trancism, a term coined by Abdi (2021a) and used as an 
alternative to Translation Criticism. This framework covers three key areas: syntax, semantics, and pragmatics, 
providing a structured way to evaluate translated texts. Wilss believed this approach was useful for MTs because 
it reflects the process of translating from the SL to the TL. This involves decoding the SL and then encoding it into 
the TL through technological and algorithmic methods. However, Wilss pointed out that this approach often falls 
short, as algorithmic methods tend to be incomplete and more of a theoretical promise than a fully realized 
solution. 

Wilss (1982) discussed the early development of MT, which initially focused on a lexical approach supported 
by syntax rules. While this method initially seemed promising and raised high expectations, issues arose due to 
structural differences between languages. Unlike human translators, who consider both internal and external 
textual factors, computers are limited to processing only explicit, text-internal instructions. This limitation posed 
challenging, especially when computers encountered ambiguous or complex linguistic structures in source 
language texts (SLTs). 

To overcome these issues, a combination of syntactic and semantic approaches was introduced, enabling 
more detailed structural analysis of language. This method provided greater flexibility across different language 
pairs, but still failed to fully address pragmatic challenges, such as interpreting participle constructions. Wilss 
(1982) argues that computers, unlike human translators, lack the cognitive ability to infer missing semantic 
elements necessary to accurately interpret such constructions. To improve MT, Wilss recommended an integrated 
approach that combines both syntactic and semantic analysis, allowing machines to better handle linguistic 
complexities and improve translation quality. 

 
2.4.  Recent Studies in the Field 

 

Recent advancements in MT have attracted a lot of attention from researchers, leading to more studies and 
reviews. This research helps us better understand how MT systems work and explores new challenges and 
opportunities. For example, Zappatore and Ruggieri (2024) reviewed current MT research using a method 
commonly used in clinical trials, called PRISMA. Rivera-Trigueros (2022) looked at which MT systems are most 
popular, how they are built, and how their quality is evaluated. The study found that neural machine translation 
(NMT) is now the most common approach, with Google Translate being the most used system. Stahlberg (2020) 
explained that modern NMT systems evolved from earlier models like word and sentence embeddings. Although 
there are not many empirical studies on MT evaluation yet, some important work has been done. Hendy et al. 
(2023) evaluated Generative Pre-Trained Transformer (GPT) models for translation and found that these models 
perform well for languages with a lot of resources but struggle with less common languages. They also found that 
combining GPT models with other systems can improve translation quality. Ulitkin et al. (2021) used automatic 
metrics like BLEU and TER to compare Google and PROMT NMT systems, helping identify errors and improve 
future translations. Prathyusha (2022) created a dataset to test pronoun translation and ranked different MT 
systems based on how well they handled these errors. The study found that MT models don’t perform consistently 
across languages.  In Iran, research on local MT systems has been limited and most studies focusing on Google 
Translate. However, a few recent studies have explored CAT tools and information and communication technology 
(ICT) tools (e.g., Abdi, 2019, 2021b, 2022; Taghizadeh & Azizi, 2017). Aghai (2024) studied how well ChatGPT and 
Googl Translate handle literary translations from Persian into English, pointing out problems with accuracy and 
cultural understanding. Sartipi et al. (2023) found differences in how well different datasets performed in Persian-
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English translations. Abdi (2021a) evaluated the ability of Google Translate to translate English into Persian. The 
study showed that while Google Translate did well in terms of meaning and understanding, it struggled with 
fluency. Similarly, Bonyadi (2020) found problems in Persian-to-English translations, including issues with tense, 
literal translations, and poor word choices. This study is different because it focuses on the local MT system, 
Fastdic Translator. It evaluates Fastdic’s translation quality based on syntax, semantics, and pragmatics. The study 
also looks at whether ChatGPT can help improve Fastdic’s translations and whether it can be a reliable tool for 
users and translators. 

 
3. Method 

Participants  

The participants in this study were evaluators invited to evaluate the output quality of the domestic MT system, 
Fastdic Translator. To select the evaluators, the researcher initially reached out to 20 professional translators who 
were randomly chosen for their experience translating between English and Persian. These translators were 
selected from two websites: www.iacti.ir/members.html and www.proz.com. They were well-informed about the 
study’s objectives, the research focus, and their important role in achieving the desired outcomes and helping 
improve the performance of the domestic MT system. 

Instrumentation 

A translation test comprising 80 statements was developed for data collection. Of these, 60 statements were 
selected following Mistrík’s (1997) classification of text types: narrative, descriptive, and argumentative, with each 
category containing 20 statements from different sources. Narrative statements were taken from Rowling’s (1997) 
Harry Potter and the Sorcerer’s Stone, descriptive statements from Burke and Maxwell’s (2012) Lonely Planet: 
Iran, which covers aspects of Iranian culture and sightseeing, and argumentative statements from scholarly 
articles, including Abdi (2021a, 2021b) and Dalaslan (2015). To challenge Fastdic Translator and evaluate its 
pragmatic accuracy, 20 idiomatic expressions with implied meanings were added, extracted from the Book of 
Idioms, which includes various American English idioms.  

A panel of experts reviewed the test to ensure the statements were well-chosen and effectively assessed 
Fastdic Translator’s output quality. These experts provided feedback, leading to revisions, including reordering 
and replacing some statements. To further validate the test, it was administered to 15 translators with similar 
qualifications to the evaluators. Their responses were correlated with the total test score, showing a strong 
correlation between ±0.50 and ±1 (ranging from 0.54 to 0.83, with an average of 0.76), demonstrating content 
validity. Additionally, the p-values for each item were below 0.05 (p < 0.05), confirming the overall validity of the 
test statements. 

Data Collection and Analysis  

For data collection, the translation test was first translated from English into Persian using Fastdic Translator. 
Both the Persian translations and the original 80 English statements were given to the evaluators. They evaluated 
Fastdic Translator’s output based on three areas: syntax, semantics, and pragmatics. This was done according to 
Wilss’s (1982) evaluation matrix. 

The evaluators used a Likert-scale questionnaire. This questionnaire had five continuums: wrong, 
inappropriate, undecidable, correct, and appropriate. The scale helped evaluate how accurately the MT system 
produced translations in these three areas. ChatGPT was also used to improve the statements marked as wrong, 
inappropriate, or undecidable by the evaluators. 

For data analysis, the percentage and mean score for each category were calculated. The results were then 
shown in tables. The Wilcoxon signed-rank test was used to check if the evaluators’ assessments of the 80 Persian 
translations were consistent within each area of evaluation. 
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4. Results and Discussion  
 
Syntactic Evaluation 
 
Table 1 shows that the evaluators agreed with the syntactic correctness of the translations made by Fastdic 

Translator for both narrative and descriptive statements. Specifically, Fastdic Translator correctly translated 70% 
of narrative statements and 58% of descriptive statements. Furthermore, 24% of narrative statements and 37% 
of descriptive statements were deemed appropriate by the evaluators. The table also indicates that the evaluators 
agreed on the correct translation of a large majority (72%) of the argumentative statements. Overall, the 
evaluators found that 87% of the 60 Persian translations produced by Fastdic Translator were syntactically correct. 

Table 1 

Percentages of the Evaluators to Syntactic Evaluation of the 60 Statements 

Type of Statements Wrong Inappropriate Undecidable Correct Appropriate N   

% % % % % % M 

Narrative - - 7.0 70.0 24.0 100.0 4.16 

Descriptive - - 5.0 58.0 37.0 100.0 4.31 

Argumentative 7.0 18.0 4.0 48.0 24.0 100.0 3.64 

Total 2.0 6.0 5.0 59.0 28.0 100.0 4.03 

 

A one-sample Wilcoxon signed-rank test was run to see if there was a significant relationship between the 
evaluators’ assessments and the syntactic correctness of the Persian translations made by Fastdic Translator for 
each type of statement. The results, shown in Table 2, reveal that the p-values for all types of statements were 
below .05 (p < .05). This means the results are statistically significant. 

The mean scores for each type of statement were all above the midpoint of 2.5. This shows strong agreement 
among evaluators about the syntactic correctness of the translations. The mean score for narrative statements 
was 4.16, while for descriptive statements, it was 4.31. This indicates that Fastdic Translator produced translations 
with high syntactic correctness. The mean score for argumentative statements was 3.64, which also shows above-
average syntactic correctness. 

Additionally, Table 2 shows that the overall p-value for the 60 Persian translations was 0.0, which is less than 
.05 (p < .05). The combined mean score for all statements was 4.03 out of 5, exceeding the midpoint (4.03 > 2.5). 
This indicates that the evaluators significantly agreed on the overall syntactic correctness of the Persian 
translations provided by Fastdic Translator. 

 
Table 2 

One Sample Wilcoxon Signed Ranks Test for Syntactic Evaluation of the 60 Statements  

Statement  Types N MDN p 

Narrative 20 4 .01 

Descriptive 20 4 .002 

Argumentative 20 4 .000 
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Total 60 4 .000 

Semantic Evaluation 

Table 3 shows that the evaluators did not agree on the semantic adequacy of most narrative statements 
generated by Fastdic Translator. They found that 64% of the narrative statements lacked semantic correctness. 
However, they agreed on the correctness of more than half of the Persian translations of descriptive statements, 
with 52% being accurate. For argumentative statements, the evaluators agreed that 60% of the translations were 
correct. Overall, the evaluators felt that the number of semantically correct translations produced by Fastdic 
Translator (49%) was nearly equal to the number of incorrect translations (48%). 

 

Table 3 

Percentages of the Evaluators to Semantic Evaluation of the 60 Statements 

Type of Statements Wrong Inappropriate Undecidable Correct Appropriate N   

% % % % % % M 

Narrative 24.0 40.0 2.0 24.0 10.0 100.0 2.55 

Descriptive 16.0 29.0 3.0 36.0 16.0 100.0 3.1 

Argumentative 14.0 22.0 5.0 45.0 15.0 100.0 3.27 

Total 18.0 30.0 3.0 35.0 14.0 100.0 2.93 

 

A one-sample Wilcoxon test was conducted to assess how much the evaluators agreed with the semantic 
adequacy of each type of statement. The goal was to see if there was a significant relationship between their 
opinions and the semantic adequacy of the Persian translations. The results showed that the p-values for the 
descriptive and argumentative translations were below .05 (p < .05) (see Table 4). This indicates a significant 
relationship between the evaluators’ assessments and the semantic adequacy of these translations. The mean 
scores for these translations were also above the average of 2.5, with descriptive translations scoring (MD = 3.1) 
and argumentative translations scoring (MA = 3.27), reflecting higher-than-average semantic adequacy. 

On the other hand, for narrative statements, the p-value was above .05 (p > .05). This means the evaluators’ 
opinions did not differ significantly from the average. The mean score for narrative statements was almost equal 
to the average (2.55 ≈ 2.5), suggesting that their semantic adequacy was average. 

Additionally, Table 4 shows that the p-value for all 60 Persian translations was also above .05 (p > .05). The 
overall mean score of 2.93 was slightly higher than the average of 2.5. This finding indicates that, overall, there 
was a moderate level of agreement among evaluators regarding the semantic adequacy of more than half of the 
Persian translations produced by Fastdic Translator, suggesting an almost average level of semantic adequacy (MT 
= 2.93). 

 

 
Table 4 

One Sample Wilcoxon Signed Ranks Test for Semantic evaluation of the 60 Statements  

Statement  Types N MDN p 
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Narrative 20 2 .07 

Descriptive 20 4 .002 

Argumentative 20 4 .000 

Total 60 4 .001 

Pragmatic Evaluation 

According to Table 5, the evaluators did not agree with the pragmatic correctness of any of the 20 idiomatic 
statements (100%) produced by Fastdic Translator. 

 

Table 5 

Percentages of the Evaluators to Pragmatic Evaluation of the 20 Statements 

Type of Statements Wrong Inappropriate Undecidable Correct Appropriate N   

% % % % % % M 

Idiomatic 37.0 63.0 - - - 100.0 1.63 

A one-sample Wilcoxon signed-rank test was done to check if the evaluators agreed on the pragmatic adequacy 
of the 20 Persian translations made by Fastdic Translator. Based on Table 6, the p-value for the idiomatic 
statements was less than .05 (p < .05). Furthermore, the mean score for these statements was lower than the 
theoretical mean/median (1.63 < 2.5), indicating that the evaluators did not find the idiomatic translations to be 
pragmatically adequate. 

 

Table 6 

One Sample Wilcoxon Signed Ranks Test for Pragmatic Evaluation of the  20 Statement  

N MDN p 

20 2 .01 

5. Discussion 

According to the results, Fastdic Translator performed well in translating the 80 statements into Persian. It 
mostly produced grammatically correct Persian translations that followed the SOV structure of Persian. However, 
there were some awkward translations, particularly concerning tense and subject-verb agreement, especially in 
complex sentences. For example, consider the English sentence the Mongol style, designed to overawe the viewer, 
was marked by towering entrance portals, colossal domes, and vaults reaching up into the skies. This sentence 
contains participle constructions: designed to overawe the viewer (a past participle phrase modifying the Mongol 
style) and reaching up into the skies (a present participle phrase modifying vaults).  

While the participle constructions were translated correctly, the machine incorrectly used the past tense for 
the main verb was marked, translating it as مشخص شد . This error affects the semantic adequacy of the Persian 
translation. The correct tense should be the past continuous tense to enhance the understandability of the 
statement. Thus, was marked should be translated as  شدمشخص م . 

  In this example, Fastdic Translator demonstrated its weakness in applying the subject-verb agreement 
rule when translating the English phrase the northern slopes of the Alborz Mountains are densely... and form the 
largest area of vegetation... into Persian. That is to say, it incorrectly used singular verb دهدم   لیتشک  (forms) for the 
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plural subject  ز  یها کوهرشته   شمالی  یها دامنه البر  (the northern slopes of the Alborz Mountains), which is not 
grammatically correct in Persian. Fastdic Translator made a similar error when translating the sentence as the 
results indicate, translations Google Translate produced were acceptable to a certain degree into  ج یهمانطور که نتا  

قابل قبول بوده است  یتا حد   تیانجام شده توسط گوگل ترنسل یها ترجمه   دهد،نشان م   .  

In the Persian translation produced by Fastdic, the subject  جینتا  (results) is plural, but the verb  م دهدنشان   
(indicates) is singular. In Persian, as in English, the verb must agree with the subject in number, so the correct verb 
form should have been plural  دهندنشان م  (form) fir plural subject  جینتا  (results). Similarly, the verb  بوده است (has 
been) is singular, but the subject  ها ترجمه  (translations) is plural, requiring the verb form to match:  بوده اند (have 
been). 

These deficiencies could stem from Fastdic Translator’s use of a less sophisticated translation algorithm 
compared to more advanced systems like Google Translate. As a result, it may apply simplified rules for subject-
verb agreement, often defaulting to singular verbs, especially in complex sentences. Additionally, Fastdic 
Translator might lack the advanced contextual analysis tools necessary to ensure proper agreement between 
subjects and verbs, adjusting the verb form accordingly. 

The results also showed that Fastdic Translator was moderately successful in producing semantically correct 
Persian translations. It is rather to say, the semantic quality of its Persian translations was rated slightly above 
average. For example, the English phrase Neville had been trying to catch his eye was translated as  کرد م   سعی لینو  
 This literal translation resulted in a loss of idiomatic meaning. The phrase catch his eye is idiomatic . چشم او را جلب کند
and implies trying to make eye contact to gain attention, but the Persian translation چشم او را جلب کند suggests 
something more superficial, like physically attracting someone’s eye, which can be unclear or misleading in 
Persian. 

After post-editing the original phrase with ChatGPT, a more contextually and semantically accurate translation 
was produced:  نگاه/توجه او را جلب کند  کرد م   سعی  لی نو  . In this version, the word چشم (eye) was replaced with نگاه (gaze) 
or توجه (attention) to convey the intended meaning of attracting someone’s attention. 

A similar issue occurred in the translation of Hermione hung her head. Harry was speechless into  سرش   ونیهرم  
لال بود  یکرد. هر   زانیرا آو   . In the first sentence, the English idiom hung her head typically conveys feelings of shame, 

sadness, or defeat. While the Persian translation  کرد  زانیسرش را آو  is a literal rendering, it somewhat fails to capture 
the emotional nuance of the expression. 

The translation of the second sentence, Harry was speechless, was particularly problematic in terms of both 
meaning and naturalness, because Fastdic Translator rendered it literally as  لال بود  ی هر , suggesting a permanent 
inability to speak. This translation misinterprets the English term speechless, which in this context means being 
temporarily stunned or shocked into silence, not physically unable to speak. After post-editing by ChatGPT, the 
sentence was translated more appropriately as  آمده    یهر بند  بود زبانش   (Harry was at a loss for words), which 
accurately reflects the intended meaning. 

Similarly, the first sentence, Hermione hung her head, was revised by ChatGPT to پا   ونی هرم را  انداخت  یی   سرش   
(Hermione lowered her head) to better capture the emotional tone, avoiding the overly literal translation that 
does not convey the nuance of sadness or defeat. 

From a pragmatic standpoint, Fastdic Translator’s performance was disappointing. All idiomatic expressions 
were translated inaccurately and with poor quality. For instance, the phrase there are different strokes for 
different folks, so not everyone will like this restaurant was translated by Fastdic as  افراد   یمختلف برا  یها   یسکته مغز  

رستوران را دوست ندارند  ن یهمه ا   ن ی مختلف وجود دارد، بنابرا  , containing significant pragmatic errors. The literal translation 
not only mismatches the original meaning but also fails to convey the idiom’s intent. This error stems from 
Fastdic’s inability to handle idiomatic language effectively, translating it word-for-word rather than capturing its 
true sense. 
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In a broader sense, pragmatically, the idiom different strokes for different folks carries a cultural and context-
specific meaning that cannot be grasped by translating the words individually. In Persian, the phrase  ی سکته مغز  
refers to a medical condition (a stroke), which is entirely has nothing to do with the idiom’s original meaning about 
personal preferences. As a result, the translation loses its intended pragmatic function and introduces a 
completely irrelevant medical concept. This literal translation also doesn't succeed in conveying the idea of the SL 
idiom different people have different tastes. After post-editing by ChatGPT, a more pragmatically appropriate 
translation was produced: داشت   ند رستوران را دوست نخواه نیهمه ا   ن یخودش را دارد، بنابرا   قهیسل  هر کسی  (everyone has their 
own taste, so not everyone will like this restaurant), which preserves the intended meaning. 

All in all, Fastdic Translator performed like a basic MT, lacking the advanced linguistic models required to 
handle subject-verb agreement and appropriate tense, especially in complex sentences. It also produced literal 
translations that didn’t fully convey the meaning of the SL items. This issue extended to idiomatic phrases, where 
Fastdic Translator was unable to select suitable equivalents for SL items, leading to inappropriate translations. Its 
tendency to translate too literally is one of its major deficiencies, particularly impacting output quality in terms of 
pragmatics. In pragmatic translation, the goal is not only to convey the literal meaning but also to reflect cultural 
and contextual nuances. Fastdic’s translations fall short of this goal as it often rendered unclear or inappropriate 
Persian translations. 

6. Conclusion 

The aim of this study was to critically assess the output quality of Fastdic Translator, a domestic MT) based on 
Wilss’s matrix, including syntax, semantics, and pragmatics, to highlight the system’s strengths and weaknesses. 
This research is part of a project focused on the achievements of Iranian software developers in creating domestic 
MT systems, namely Targoman Translator, Abadis Translator, and Fastdic Translator. The emphasis is on 
translation quality and post-editing processes. 

The results indicated that Fastdic Translator generally produced grammatically correct Persian translations, 
although it displayed some deficiencies in subject-verb agreement, particularly in more complex sentences. 
Furthermore, the findings suggested that Fastdic Translator was somewhat successful in generating semantically 
accurate translations. However, in terms of pragmatic evaluation, the results revealed that it did not do well in a 
performance translation because it produced completely inappropriate translations for idiomatic expressions and 
phrases with implied meanings. 

The primary weakness of Fastdic Translator lies in its difficulty managing implied meanings and selecting 
suitable equivalents for SL items, which require more advanced cognitive processing. Wilss (1982) emphasizes the 
importance of recognizing functional dependencies rather than simply focusing on formal structures for effective 
TL reproduction of such items. 

In conclusion, while Fastdic Translator performs well regarding grammatical accuracy and somewhat in 
semantic accuracy in Persian translations, it exhibits weaknesses in subject-verb agreement in complex sentences 
and performs poorly in pragmatic translation, particularly with idiomatic expressions and implied meanings, 
where its translations are often inappropriate. 

This issue arises from an over-reliance on literal translations, which prevents conveying deeper meanings that 
require cultural and contextual nuances. As a result, the quality of the output is significantly affected, making 
translations inappropriate. This limitation shows that post-editing is necessary for translations produced by 
Fastdic Translator. 

Besides, using ChatGPT for post-editing greatly improves translations. It corrects errors and ensures 
grammatical standards are met while conveying the intended meaning more accurately. Although there were a 
few instances where it relied on literal translations and produced inappropriate results, these issues were fixed 
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when asked to retranslate them. Nevertheless, this does not diminish ChatGPT’s value; it remains a powerful and 
reliable AI tool for both end-users and translators. 

The study offers helpful recommendations for Iranian MT developers, especially for the Fastdic Translator 
team. It is recommended that they create more advanced models for subject-verb agreement and tense handling, 
particularly for complex sentences, to improve grammatical accuracy. 

Additionally, integrating contextual translation models can help move beyond literal translations and better 
convey intended meanings. To enhance the system’s understanding of pragmatics, it would be effective to include 
features such as a contextual translation mode and a database of cultural idioms and phrases. These features 
would consider cultural and contextual nuances, ensuring translations are meaningful within their broader social 
or cultural contexts. 
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